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Motivation
• Developing a dynamical model that has skill in predicting 

hurricanes is highly relevant to society. 
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Damage cost from U.S. Billion-dollar disaster events  (1980–2013)

Smith and Matthes (2015, Natural Hazards)



3May 14, 2018
for longer leads there is a rapid divergence with FLOR-
FA showing considerably larger areas with significant
correlation. The fraction of TC regions with significant
(at p , 0.1) correlation in FLOR-FA forecasts initial-
ized in January (three-season lead) is larger than for
FLOR forecasts initialized in April (two-season lead);
January-initialized forecasts with FLOR-FA have al-
most twice the area with significant rank correlation
than do those with FLOR (Fig. 12a). There is a notice-
able jump in skill between forecasts initialized in May
and those in June, which likely reflects the so-called
spring predictability barrier that remains in the FLOR
forecasts of ENSO (Jia et al. 2014, manuscript submitted
to J. Climate). The difference between FLOR-FA and
FLOR performance is more striking if one focuses on
the percentage of TC regions that exhibit retrospective
rank correlation exceeding 0.5 (Fig. 12b); for all start
dates FLOR-FA shows more area with rank correlation
exceeding 0.5. With FLOR, flux adjustment adds about
a season of lead to the forecast performance of regional
TC activity as measured by these two metrics.
This initial suite of forecasts with FLOR and FLOR-

FA were performed with 12 ensemble members, which
is likely sufficient for forecasts of large-scale ocean in-
dices like Niño-3.4. However, it is unclear the extent to
which 12 ensemble members are sufficient for quantities
with a large internal variability component like regional
TC activity. It is possible that the skill in seasonal, re-
gional TC forecasts described above may be enhanced
through a larger ensemble set. To provide a preliminary
assessment of the impact of larger ensemble sizes on the

retrospective forecast skill of regional TC activity, we
make use of the July-initialized forecasts that are avail-
able from four versions of FLOR (FLOR, FLOR-A06,
FLOR-FA, and FLOR-FA.05), and the observation that
the July-initialized skill for TCdensity in all four versions is
comparable, to generate a pseudo-48-member ensemble
(Fig. 13). This 48-member ensemble should be compared
to the 12-member ensemble with FLOR and FLOR-FA
(Figs. 11a,b). It is worth noting that the retrospective
forecast performance of FLOR-A06 and FLOR-FA.05
in the quantities shown in Figs. 7, 8, 10, and 11 is com-
parable to that of FLOR and FLOR-FA, although there
are differences in the ocean simulation of the various
models and the spatial structure of each model’s ENSO.
Increasing ensemble size leads to systematic improve-
ments in the performance of seasonal forecasts of re-
gional TC activity, as can be seen through the red, yellow,
and green dots in Fig. 12.
Although in this test it appears that the large-scale

gains from additional ensemble members are somewhat
small (cf. Fig. 13 with Figs. 11a and 11b), at this stage we
are unable to assess the extent to which these results for
July-initialized forecasts will hold for other leads (as the
forecast performance of FLOR and FLOR-A06 de-
grades with lead more rapidly than FLOR-FA), or for
a larger ensemble with FLOR-FA. Further, some of the
regions in which there are increases in retrospective
correlation from additional ensemble members are near
land (e.g., the northern Gulf of Mexico, the far western
west Pacific, and the far eastern east Pacific), which
could be of practical importance. We hypothesize that

FIG. 13. Retrospective forecast skill of 1981–2011 TC density combining different versions of FLOR and FLOR-
FA initialized 1 July to create a larger ensemble size. Shading indicates the retrospective rank correlation of pre-
dicted vs observed (IBTrACS; Knapp et al. 2010) 108 3 108 TC density, masked at a two-sided p5 0.1 level. Results
are based on a 48-member ensemble created by combining the 12-member ensembles of predictions with FLOR,
FLOR-FA, FLOR-A06, and FLOR-FA.05; see sections 2a and 2b for descriptions of the models). TC density
computed over July–December. Blue box in the northern central Pacific indicates the 108 3 108 scale, for reference.
Gray shading indicates the regions of the northern Pacific andAtlantic in which observed TC density is nonzero for at
least 25% of the years.
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Vecchi et al. (2014, J. Climate)

GFDL FLOR: Forecast-oriented Low Ocean Resolution
version of CM2.5

• FLOR   : Fully dynamical model with 50km-mesh atmosphere and 1° ocean/sea ice models
• FLOR is a hurricane-permitting model 
• We use FLOR for real-time seasonal predictions for experimental purpose.



4May 14, 2018

Real-Time Prediction for the 2017 Summer Season 
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FLOR could predicted active 2017 hurricane season from 2017 July, but not from 2017 April.

Observed Hurricane Density Anomaly in 2017 Predicted Hurricane Density Anomaly in 2017

Observed Storm Tracks in 2017

July Initial ForecastsObservations

April Initial Forecasts
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Observed and Predicted Sea Surface Temperature Anomaly
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El Niño

Observations  (2017 July-November)

April Initial Forecasts

La NiñaLa Niña

July Initial Forecasts
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Impact of ENSO on North Atlantic Hurricanes
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Sea Surface Temperature Anomaly Storm Density Anomaly

La Niña

El Niño

El Niño -> Inactive Hurricane Season
La Niña -> Active Hurricane Season

Empirical Relationship:

Based on observations (1956–2006) by Kim et al. (2009, Science)
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Impact of ENSO on North Atlantic Hurricanes
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Neutral Year

Westerly Jet

Trade Wind

Sea Surface Temperature Anomaly [K]

El Niño Years

Increase in Vertical Wind Shear
=> Inactive Hurricanes  

Trade Wind (+)

Westerly Jet (+)

Sea Surface Temperature Anomaly [K]

La Niña Years

Trade Wind (–)

Westerly Jet (–)

Sea Surface Temperature Anomaly [K]

Decrease in Vertical Wind Shear
=> Active Hurricanes  

200hPa

850hPa
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Challenging Predictions of ENSO from Spring Time
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• The models from the prediction centers commonly miss-predicted El Niño conditions    
for the 2017 summer from the April initial predictions.

• There is a “spring barrier” for prediction of ENSO.

Prediction Skill for Niño-3.4 SST2017 Summer Prediction from April by Multiple Models 

worse than climo. better than climo.
Jia et al. (2015)
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Observed and Predicted Sea Surface Temperature Anomaly
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July Initial Forecasts

Cool or Neutral

Observations

April Initial Forecasts

Warm Warm
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Observed and Predicted Sea Surface Temperature Anomaly
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• Frequency of major hurricanes is highly correlated with SST in the tropical Atlantic
• Monitoring and predicting tropical Atlantic SST is a key for successful prediction of hurricanes

Based on observations (1979–2017)
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The 2018 Summer Predicted by the 2018 April Initial Forecasts
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2018 Summer SST Prediction from April 2018.

NeutralEl Niño

• Inactive or neutral hurricane season is expected for the 2018  
summer over the North Atlantic. 

Based on 7-models from the North American Multi-Model Ensemble (NMME) Project
http://www.cpc.ncep.noaa.gov/products/NMME/current/tmpsfc_Seas2.html
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Summary
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• Dynamical seasonal prediction model succeeded in predicting 
active 2017 hurricane season from July initial predictions, but not 
from April initial predictions.

• April predictions falsely predicted El Niño and cooler tropical 
Atlantic, resulting in failure of seasonal hurricane predictions.

• Predictions of ENSO and tropical Atlantic SST are key factors for 
hurricane activity in the North Atlantic.

• Dynamical models are suffering from “spring barrier” for ENSO 
predictions from spring time.

• Inactive or neutral 2018 summer season is predicted by the state-
of-the-art models from the April initial predictions associated with 
predicted El Niño development. However, we should keep in mind 
the low skill in predicting ENSO by the dynamical models.


